Journal of Education Studies

Volume 49 .
Issue 2 April-June 2021 Article 15

April 2021

LhATu Tab T o =Avg Al fiun1sugdnaudayanadunninidnis L Suauad
fn5uuduus=nuAne 39 5 Taudsisn15 150ugn1s U naulayasin K-
mean

98U LUAUTIT

TaUTTTM UITU

Follow this and additional works at: https://digital.car.chula.ac.th/educujournal

Cf Part of the Education Commons

Recommended Citation

Luans594, 9380 and ua Ty, Tau55a (2021) "inATuTad Ty vs shug Al fiunisudanaudayaua unninianis Lo ay
fniSuufuyg s nuAnu 9% 5 Trad98n75 1 Suugnis uuanantayasia K-mean," Journal of Education Studies: Vol.
49: Iss. 2, Article 15.

DOI: 10.58837/CHULA.EDUCU.49.2.15

Available at: https://digital.car.chula.ac.th/educujournal/vol49/iss2/15

This Article is brought to you for free and open access by the Chulalongkorn Journal Online (CUJO) at Chula Digital
Collections. It has been accepted for inclusion in Journal of Education Studies by an authorized editor of Chula
Digital Collections. For more information, please contact ChulaDC@car.chula.ac.th.


https://digital.car.chula.ac.th/educujournal
https://digital.car.chula.ac.th/educujournal/vol49
https://digital.car.chula.ac.th/educujournal/vol49/iss2
https://digital.car.chula.ac.th/educujournal/vol49/iss2/15
https://digital.car.chula.ac.th/educujournal?utm_source=digital.car.chula.ac.th%2Feducujournal%2Fvol49%2Fiss2%2F15&utm_medium=PDF&utm_campaign=PDFCoverPages
https://network.bepress.com/hgg/discipline/784?utm_source=digital.car.chula.ac.th%2Feducujournal%2Fvol49%2Fiss2%2F15&utm_medium=PDF&utm_campaign=PDFCoverPages
https://digital.car.chula.ac.th/educujournal/vol49/iss2/15?utm_source=digital.car.chula.ac.th%2Feducujournal%2Fvol49%2Fiss2%2F15&utm_medium=PDF&utm_campaign=PDFCoverPages
mailto:ChulaDC@car.chula.ac.th

2 Journal of Education Studies
m NIATATANAAT PANAINTUNNTING IR U7l 49 atudl 2 EDUCU4902015 (11 pages)

= a ¢ o ' v o £ = v o ) = o
L%ﬂIﬂIﬁﬂﬁﬁyiy']UiZﬂUﬁ Al nummmnqmagawaﬂmmns'memmau*ﬂaaunLsﬂmmﬂszmuﬂnmﬂw 5
Taeld35n153euinsudangudayaviia K-mean
Artificial Intelligence (Al) Technology and the Categorization of Fifth Grade Students’

Academic Achievements Using K-means Clustering Learning Algorithm
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Abstract

The objectives of this research are to categorize the academic achievements of student samples into
subgroups of excellent, average, or weak, and to categorize their learning achievements in each subject into
subgroups of outstanding, fair, or poor. Thirty-three students from fifth grade at Samsen Nok School (Prachrat
Anukul), Khet Din Daeng, Bangkok were sampled during Academic Year 2018. The students were selected using
a simple random sampling technique. The research adopted the K-means clustering algorithm, an artificial
intelligence (Al) technology, as a tool for data collection. Academically, 11 students were considered excellent,
11 average, and 11 weak. With regard to learning achievement in each subject, the students were categorized
as outstanding in four subjects, fair in three subjects, and poor in three subjects. History and Home Economics
were the students’ strongest subjects, while English was their poorest subject. Courses in the dominant group,

there were 3 courses, and the middle group had 3 courses, and the lower group had 3 courses.
Keywords: artificial intelligence Al, learning achievement, clustering learning, K-mean
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1w 11 au wazdrwudniseuiidnadugrsvisnisioudu nqueou 91uau 11 au M3vhuLemndnms K-mean

D

fuszavBnmgdlunisutsngudeya fifvinsAnuiiievnysransnmuesmsvhnuveamaluladmsinmstoyass
fumeuisnsdangudoya Tne3dnisFeuimantangueiin Kmean iAaugniesgeivszduiosar 83 uarldvin
msdangudoyaidu 8 nau Tasnsdanguinsa A fAranugndeslunsianaudoyaifivszansnmgsiedosas 100
galumideldgninluiandusuunssuiunsinsi JadeiidmmadonadugnimansiFoudionssuiunisdans
foya wierluustlovisely (Gszems fumnnsal, 2557)
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£

nsdariwanunsiseunisasu Msuidgymilussuunisiseunisaeuluduiou wasnmsvaunguinseuniaiius

Y

q

Anwansasely iengazlddanisiFounsasulinssfuninuianuaiunse wazanudeanisvesiiouiian
ﬂﬁﬁﬁas,ﬂawaé’mqw’émﬂmiﬁmﬂ,uaﬁmmﬁﬂﬁawi'?uﬂimuﬁﬂmﬂﬁ 5/10 lsaiSguanuiauuen (Usensnugiouna)
dinauniunes namnamues dangunadugvinianinieu neldisnsFeuivuuinguuin K-mean
andnnisnquteyadanann iunsimaluladunldiunisfnudadunsussgndveia 38015 Jangunsal uay

a ¢

deing 9 anwaluladeing o wu maluladlygnuseivg Al Gantiusi sdnes, 2500)

2. MIudsnguradugvinensSeuvesnsivilunguidu ngunans uazngudion yoainFeutulszond nw
Uit 5/10 TsaBsuanaauuon (Wszmnsvgieyna) ddnamwniuung ngavmssuas Ingldinaluladdeanuseivg Al
wiangudoyavia K-mean wudn fnnsuvangunadugnivanisiieuvesedvdidunguidu 4 4 1e3wn leun
JdsziRmans InguAnuinasnadny JnAaUs uarivinisnuendn msuainguadunrsnianisiieuresein
fdu ngudiunans § 3 91939 1w Inniwilne Inademans wazineoufinmes uaznsulngunadugns
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P =

wud edvlungueu Pniviuian Ao IvUsyiRaans wavsiednlunguaes HNvNdesgn Ao Jv1N1w18Ingy
nmsITeannsatihdeyanisuuingudoyatiln K-mean dinildlunmsinnisiseunisasuiolulsylovidenisi
WHUNTSITEUNSARY warnswseuaunienvesniiaeu dilddnmsuwidaymilusedniiyadesdian wasimu
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nsisgunsasulunquaedvindyasiuiianselu aenndesiv eAdeilindnngudeyameis K-mean Faiduasng

q q
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Usglerironsdanisiseunisaeuvesngiely (Asif et al, 2014) uazaenAdesiuiideves Tuisy naeas (2559) Fald
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E2 o

FAdesinruderiuin msldaluladtyaussing Al fanquioyanadugninisniaieu vesiniFeuas
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esanmaiheureunaluladdyguszdsg Al T,maisi’fst‘]gumaﬁ%miwaﬂajwﬁanﬂamﬁm K-mean tJu38n137hen
(iterative method) TUsuNTNRzIUING T ey alosaUNIRzUUsnauTeyalaATiqnd sagnganisyiauveslusunsy
Faendt suseuiEmavheuuuulifiauasy TeedunsSousvesaiesinsdeinuutusigs lunisdandudeyaiile

WideyalUldusslovisold

Farauauurlunsinideaiasialy

1. msdangudeyalagliisnagoudnisuvangudeyauiin k-mean mstilulddnndunadugrimenisFeu
vaandeulutuduy o viensalsadouiinarssiutuiteassusuaunn

2. msiwaluladdyguseiug Al inlddanqudoya wadunnsnanIsiSeuresinoy lagld35n19158u3
nsulsngudeyarin K-mean msthluldfunisutsngudeyaviadu q fifvadestumansdne ieldudselovily

nsdangudeya umannsatteyaluldliegaivssansamesiely
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